











C,2@'$)DE)F>")<G&HI+$9)"J)=$>91&I$)K'%,-+$9)&L" @%):,2; A+&', %()M@HI9

"#$%&'$()*$+#%,-.'$+%03.'/%0$1'$-.+22,/3$%& '$44#,5+#
#+2"8$789'HSE HEU& ()*"+,-().)/SH%' &+) 0&#1 #2)

3%+ -(45)'-+72'$%& ' $+#%,-.'$.,8:28%& $#,2'$%"$%6& 'S
DTHAH, 'S, 8% H 2% $H+Y0'S-T%=$>"2#+48,-$2"TH#-'$,2$Y
6#,%57)8%8%$95] 2'$%&'$'9$,2$+$@=)=$4"., B
5+:,87%$,82%,%7%,"8=$*"T#8+.,2%%$-"8/,9'8; %, 26$+2$
00&'$+#%,-. ' $'B4. -,%.33$.,8;2$%&'$5"C'$%"$%6& ' $H+%'S
"/$-"9,87%,28&9( =

"#$%&'$()*$+#%,-.'$+%$#,2&%0$1'$-"9'$%&'$
A, 5+#3$6754%H# +2"8$HRS")=$>9)8#7)
2@%+"1)3="#"+ (45 -+72'$%& SO#"4$,2%
_+#.3%.,8,'95%"$%& 'S4 " HS6 " 25 H 4 HYo=F
S"H+A&,-$2"TH-'$,25%& B8 =$*"TH#8+.,2%$
-"8/,9'8-'$,2$&,280$+89%'+2'$"/$-"9,87%$, 2889 (B

EF




Figure 3: Two Examples of Articles (from Different Papers) about a Low-Clarity Jump

For the WSJ article below, we code the jump reason as Unknown,
because “traders and investors were left scratching their heads.”

U.S. MARKETS

Dow Industrials Leap More Than 1,000

Points

Rebound pulls Dow industrials, S&P 500 from brink of bear market

By Jessica Menton
Updated Dec. 26,2018 11:07 p.m. ET

The Dow Jones Industrial Average surged more than 1,000 points for the first time in a single
session Wednesday, rebounding after a bruising four-day selloff put the blue-chip index and the
S&P 500 on the brink of a bear market.

All 30 stocks in the Dow industrials notched gains, as did each of the 11 sectors in the broader
S&P. Shares of Amazon.com , Facebook and Netflix climbed more than 8%, while retailers
including Kohl’s and Macy'’s rallied as early data on the crucial holiday shopping season
appeared robust. Energy stocks including Exxon Mobil and Chevron , meanwhile, rose
alongside a nearly 9% climb in oil prices.

But as in many of the volatile days that have characterized markets since the end of September,
investors and traders were left scratching their heads to explain the wild swing, with the Dow
adding nearly 450 points in the last hour of the session.

For the NY Times article at right, we code the primary jump reason
as Macro News and Outlook, because the article attributes the
jump mainly to good news about consumer spending. Geographic
source is the US. Journalist confidence and ease of coding are both
Medium.

€he New York Times

Stocks Bounce Back From
Edge of Bear Market

S&P 500 Wednesday 3,112.76
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Throughout Wall Street’s December meltdown, analysts have been
saying that markets were plunging despite plenty of evidence that
the United States economy remains strong and corporate profit
growth is healthy.

That argument finally found listeners on Wednesday, when early
reports of a strong holiday-shopping season helped lift the S&P 500
by nearly 5 percent, its best day since 2009. The Nasdaq added 5.8

percent, and the Dow Jones industrial average rose just under 5
percent. That jump, over 1,086 points, represented the Dow’s best
single-session gain ever, although a number of days have eclipsed
that in percentage terms.

A substantial rise in crude oil prices added to the lighter mood, as
did efforts from the White House to ease up on criticism of the
Federal Reserve. 37




Figure 4: Jumps Per Year Vary Greatly but the Policy Share Is Fairly Stable, 1900-2020
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red shadings indicate jumps
triggered by “Policy” and
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unshaded parts of each bar
indicate jumps attributed to
“‘Unknown or No Explanation
Offered” plus five instances of
“no article found” before 1926.
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Figure 5: Jumps in the US Stock Market Are Mostly Due to US News, 1900-2020
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Figure 6: News about the United States Triggers a Large Share of National Stock Market Jumps

in Other Countries, a Pattern that Does Not Hold for Europe
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Notes: This figure shows
the yearly share of daily
stock market jumps in
Australia, Canada, China
(HK), China (Shanghai),
Japan, New Zealand, Saudi
Arabia, Singapore, South
Africa, and South Korea
that leading own-country
newspapers attribute to
news about the United
States and to new about
Europe (or individual
European countries). The
sample runs from 1980 to
2020 but does not cover all
countries in all years. Dot
size is proportional to the
average number of jumps
per country in that year.
GDP shares are 5-year
moving averages of global
GDP, evaluated at PPP, in
IMF data. Table A1 reports
the sample period by
country.
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Figure 7: Policy News Triggers A Larger Share of Positive than Negative Jumps, Especially After

1980, U.S. Data from 1900 to 2020 Notes: Each plot is a binscatter

Pre 1980 Post 1980 (n=20) of jump-level policy scores

@ 7 ® 7 against jump-day stock returns, where
the policy score is the fraction of the
jump’s codings attributed to policy-
related news. For each sub-period, we
regress jump-level policy scores on
jump-day returns and report the t-
[ statistic on the return variable. For
jump days only, we also run the
following regression,

policy,

= a+ breturn; + ¢ 1,550

+ d return; X1post0 + €4
and report the coefficient on the
interaction term d, and its t-statistic at
the bottom of the figure.
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Figure 8: Policy News Is More Likely to Be the Trigger for Positive Jumps When the
Market Has Been Falling, U.S. Data from 1900 to 2020
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Figure 9: Volatility Is Lower After Monetary Policy Jumps than After Other Jumps, 1900-2020
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Figure 9: Volatility Is Lower after Monetary Policy Jumps than after Other Jumps, 1900-2020
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Notes: We regress average
squared returns (volatility) over the
next n trading days after a jump day
on the fraction of codings that
attribute the jump to “Monetary
Policy” and the fraction that attribute
it to “All Other” reasons. We run a
separate regression for each
n=1,2,...,22, and in each case
control for the jump-day return, split
into positive and negative pieces,
and volatility over the day, week and
month preceding the jump day (HAR
controls). The chart plots
coefficients on the two variables of
interest and 95% confidence
intervals computed using Newey-
West standard errors with lags set
to 1.5 times n. Numbers atop the
horizontal scale are p-values for a
test of equal coefficients on the two
variables of interest. The time-series
standard deviations of average
volatility over 1, 5, 10 and 20 days

are 5.13, 3.23, 2.80 and 2.45,
respectively.
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Figure 10: All Four Clarity Index Components Have Trended Towards Greater Clarity, U.S. Data,
1900-2020

Pairwise Agreement Ease of Coding Notes: Each red line _shows a
LOWESS-smoothed fit to the data,

with a bandwidth set to 20 percent
of the data. Pairwise Agreement is
the average pairwise agreement
rate in the codings for a given
jump. There are up to 45 pairs
arising from 5 newspapers per day
and two coders per paper. Ease of
Coding is rated on a 1-3 scale,
with 3 being the easiest. Journalist
Confidence is rated on a 1-3 scale,
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Figure 11: Perceived Clarity about the Reason for Daily Stock Market Jumps Has
Trgnded Up, U.S. Data from 1900 to 2020
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Notes: Clarity is the sum of Ease
of Coding, Journalist Confidence,
Pairwise Agreement Rate, and
the share of codings attributed to
“‘Unknown or No Explanation
Offered” (multiplied by -1) after
each component is scaled to zero
mean and unit standard deviation
one. Clarity is also scaled to have
zero mean and unit standard
deviation. The red line shows a
LOWESS-smoothed fit to the
clarity data, with a bandwidth set
to 20 percent of the data. See the
notes to Figure 10 for a
description of each Clarity
component.
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Figure 12: Volatility is Lower Around High-Clarity Jumps, U.S. Data from 1900

to 2020
All Years Post War Notes: High (low) clarity is

defined as clarity above
(below) the sample median
for either All Years (1900-
2020) or Post War (1946-
2020). Each panel shows the
average absolute returnin a
+/- 22-day window around
jump days. The p-values are
for t-tests of whether the

mean absolute return in a +/-
n-day window around the

jump day differs between
high-clarity and low-clarity
jumps.
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Figure 13: Movements in Clarity Tend to Persist, U.S. Data from 1980 to 2020
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Figure 14: Policy Jumps have Higher Clarity Than Non-Policy Jumps on Average, 1900-2020
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Table 1: Distribution of (Primary) Jump Reasons by Era and Category

Time Period:

US Equities

1900-2020 1946-2020 1930-2020 1980-2020 1970-2020

UK
Equities

ROTW
Equities

US Bonds

Macroeconomic News & Outlook 23.38 32.39 29.12 25.88 53.92
Corporate Earnings & Outlook 10.99 12.33 10.94 9.23 0.93
Sovereign Military & Security Actions 9.48 5.25 3.73 2.64 0.90
Monetary Policy & Central Banking 7.38 10.17 9.53 8.51 18.23
Government Spending 6.72 6.92 7.14 5.59 4.11
Commodities 5.57 2.47 2.26 3.45 1.68
Regulation 4.26 2.23 4.59 2.67 0.27
Other Non-Policy 4.29 5.94 3.82 10.31 2.80
Elections & Political Transitions 2.42 3.43 2.78 1.93 0.88
Other Policy 2.45 1.61 2.15 4.35 0.84
Taxes 1.71 1.25 0.86 0.49 1.21
Exchange Rate Policy & Capital Controls 1.07 0.75 0.86 0.66 0.18
International Trade Policy 0.91 1.31 0.33 0.50 0.08
Foreign Stock Markets 1.01 0.89 5.98 8.84 0.19
Terrorist Attacks & Non-State Violence 0.47 0.96 0.89 1.04 0.11
Unknown & No Explanation 17.44 12.11 12.14 5.86 8.64
No Article Found 0.43 0.00 2.87 8.05 5.02
Total 1,152 440 656 4,430 455

Notes: Thresholds for a day’s
stock market movements to
be considered a ‘jump’ are
listed in Table A1. Jumps are
generally  calculated  for
movements of the broadest
composite index for a given
country. Rest of the World
(ROTW) countries include:
Australia, Canada, China
(HK), China  (Shanghai),
Germany, Greece, Ireland,
Japan, New Zealand, Saudi
Arabia, Singapore, South
Africa, South Korea and
Spain. ROTW panel is not
balanced between 1980 and
2020 (see Appendix Table 1).
Data for US/UK stock jumps
ends 2020. US bond jumps
are defined as daily changes
in the 10-year treasury yield
of more than 15 basis points.
This table reports the
frequency distributions of the
primary reason for the jump,
according to  newspaper
articles. In practice, we often
code a secondary (or even
tertiary) reason as well,
based on the article’s
explanation for the jump.
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Table 2: Categorical Coding Agreement Rates, U.S. Jumps
Time Period 1900-1945 1946-2020
Policy vs. Non- Granular Policy vs. Non- Granular
Policy Categories Policy Categories
All Coders & All Papers 75% 43% 80% 54%
All Coders Within Paper 89% 70% 90% 73%
Within WSJ 92% T7% 92% T7%
With Random Assignment 53% 13% 56% 17%
Bootstrapped Std. Err. 10% 7% 12% 10%

Notes: Granular categories include all 17 detailed jump-day categories, including no article found. Policy jumps include Monetary Policy,
Government Spending, Sovereign Military, Other Policy, Regulation, Trade Policy, Exchange Rate Policy, Elections, and Taxes.
Newspapers include the Wall Street Journal, the NY Times, the Chicago Tribune, the Washington Post, and the LA Times. For the random
assignment by period, we use the unconditional distribution of jumps for that sub-period. There are 712 from 1900-1945, and 437 jumps
from 1946-2020. Difference between random assignment agreement and all human agreement measures is significant at the 1% level,

where standard errors were bootstrapped using 10,000 simulations from the unconditional categorical distribution using all newspapers.
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Table 3: Categorical Validation

Monetary Macro Elections = Monetary Macro Elections
1994-2020  1953-2020  1900-2020 1994-2020 1953-2020 1900-2020
FOMC meeting at t or t-1 2.144%*** 2.090%**
(0.261) (0.266)
Macro Announcement at t -0.201 0.824% % 0.061 0.863%**
(0.156) (0.166) (0.226) (0.179)
Election at t or t-1 -0.485 0.648 4,783 %% -0.643 0.662 4,7 785% %
(1.077) (0.965) (0.225) (1.080) (0.966) (0.225)
Observations 6,799 17,119 32,787 6,799 17,119 32,787
R-Squared 0.01 0.001 0.014 0.011 0.002 0.014
# Codings in Category 30 137 28 30 137 28
Day of Week FE No No No Yes Yes Yes

Notes: Each column (1) to (3) reports a regression of jump coding values (times 100) for the indicated category on a set of known information-
release dates. Because FOMC meetings span two days, we consider jumps that occur on either day of the meeting, or the day after the meeting.
We have 259 known FOMC meetings between 1994 and 2020. For elections, because the results are not usually known by the end of the trading
date, we consider the day after elections as well. We have 61 known federal elections between 1900 and 2020. For macro news announcements,
because they usually occur before the markets open, we only count the day of the announcement. For Macro Announcements, we include the
release of CPI, jobless claims and the Employment Situation Report (unbalanced panel between 1953-2020), for a total of 2,732 known dates.
Years vary by column. All specifications include day of the week fixed effects. US data, 1900-2020. *** p<0.01, ** p<0.05, * p<0.1. US data, date

range varies by column.
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Table 4: Policy Jumps are more often positive (negative) after recent stock market falls (rises)

Pos. Non- Neg. Non-
Positive Policy Negative Policy Policy Policy
D) (2) 3) 4 (3) (6) (7) (8)

Cumulative
Return Past 66 -0.0856  -0.0397  -0.441** 0.214*** 0.177*** 0.504*** 0.133**  -0.0522
Trading Days

(0.057) (0.064) (0.171) (0.055) (0.062) (0.128) (0.062) (0.067)

Observations 1,043 603 440 1,043 603 440 1,043 1,043
R-squared 0.018 0.024 0.027 0.032 0.031 0.047 0.017 0.01
Sample: All Pre-War  Post-War All Pre-War  Post-War All All

Notes: For columns 1-3, left hand side variable is equal policy, if return, > 0, and is zero otherwise. For columns 4-6, left hand side variable is
equal policy; if return; <0, and is zero otherwise. For column 7, left hand side variable is equal to nonpolicy; if return, > 0, and zero
otherwise. For column 8, left hand side variable is equal to nonpolicy; if if return, < 0, and zero otherwise. In both columns 7 and 8, non-policy
excludes jumps classified as unknown. Sample is all US jump days, 1900-2020. Cumulative return past 66 trading days is the cumulative log
return on the broad US market index over the past 66 trading days. All specifications include HAR controls: volatility over the past day, week,
month and quarter. Pre-war is data from 1900-1937, and postwar is data from 1946-2020.
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Table 5: Clarity is Higher When Intraday Movement is More Concentrated

Concentration x 100

Q) (2) 3) 4) 3) (6)
Clarity 2.179%%* 1.97% %
(0.584) (0.610)
Avg. Ease of Coding 0.99*
(0.576)
Avg. Confidence ] 8%
(0.578)
Share Unknown -1.82%%
(0.799)
Pairwise Agreement 1.78%**
(0.449)
Observations 322 322 322 322 322 322
R-squared 0.05 0.088 0.059 0.086 0.074 0.096
Return Controls NO YES YES YES YES YES
HAR Controls NO YES YES YES YES YES

Notes: Clarity has mean zero and standard deviation one. The left hand side variable is share of total distance traveled
in the 15 minute window with the largest absolute return, multiplied by 100. Sample spans US data for which high
frequency data is available from TickWrite for the S&P 500 Spot Market, 1985-2020. *** p<0.01, ** p<0.05, * p<0.1 54



Table 6: Higher Clarity Jumps are Followed by Less Returns Volatility and Cross-Firm Dispersion

Volatility X-Sectional Std. Dev.
(D) (2) (3) (4) (5) (0)
Clarity -4.975%%*% 4 846 ** _2232*% -0.296*** -0.270*%** -0.0997***
(1.57) (1.38) (1.25) (0.05) (0.04) (0.03)
Observations 1,146 1,146 1,146 921 921 919
R-squared 0.009 0.156 0.248 0.043 0.187 0.564
Controls None Returns  +HAR None Returns +HAR
Sample All All All All All All

Notes: For columns 1-3, left-hand-side is the sum of squared percentage returns over the 5 days following a jump day. US data, 1900-2020.
For columns 4-6, left-hand-side is the average value-weighted cross-sectional standard deviation over the 5-days following the jump, multiplied
by 100. This cross-sectional standard deviation is computed using all ordinary common shares traded on major exchanges in CRSP. US data,
1926-2020Q3. Column 6 has 2 fewer observations because we are including lagged cross sectional standard deviation on the right-hand-side.
For columns 2 and 4 controls are the jump day return, split into positive and negative components. For column 3, controls also include: 1-day,
5-day and 22-day lagged volatility (HAR controls). For column 6, controls also include: 1-day, 5-day and 22-day lagged cross-sectional
standard deviation (i.e. HAR for cross-sectional standard deviation). Clarity has mean zero and standard deviation one. Robust standard
errors in parenthesis. *** p<0.01, ** p<0.05, * p<0.1
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Table A1: Countries, Newspapers and Jump Thresholds

Jump

United States 1900-2020 Wall Street Journal, etc. 2.50%
Financial Times (UK Edition), Times of London,

United Kingdom 1930-2020 Mellai, i 2.50%
Australia 1986-2020 Australian Financial Times, Sydney Morning Herald 2.50%
Canada 1980-2020 The Globe and Mail 2.00%
China (Hong Kong) 1989-2011 South China Morning Post 3.80%
China (Shanghai) 1993-2013 Shanghai Securities News, China Securities Journal 4.00%
Germany 1987-2020 Handelsblat, FAZ 2.50%
Greece 2001-2015 Kathimerini, To Vima 4.00%
Ireland 1987-2012 The Irish Times 2.50%
Japan 1981-2013 Yomiuri, Asahi 3.00%
New Zealand 1996-2011 New Zealand Herald 2.50%
Saudi Arabia 1994-2013 Al Riyadh 2.50%
Singapore 1980-2020 Business Times, Straits Times 2.50%
South Africa 1986-2020 Business Day 2.50%
South Korea 1981-2011 Chosun Ilbo 3.50%
Spain 1987-2020 ABC 2.50%

Notes: The jump threshold is the minimum absolute return required for a day to be considered a jump in each country. We allow for differences across
countries to account for differences in unconditional volatility. S



Table A2: Regression Models Fit to Daily Industry-Level Equity Returns from 1960 to 2016

Banks Pooled Sample

(1) All Days (2) Jump Days (3) All Days (4) Jump Days

y Coefficient 0.80*** 0.74%** 0.55%** 0.51***

(St. Error) (0.23) (0.24) (0.13) (0.13)
Observations 13,469 339 109,760 4720

R-Squared 0.67 0.83 0.56 0.81

Notes: See Appendix A for the regression specification and the interpretation of the y coefficient. We use Fama-French industry-
level returns data. A single-industry regression for Guns, yields results similar to the Pooled Sample, but the standard error is large
and the coefficient estimate is insignificant. When we set Tri=-1 for the Aerospace industry for jumps attributed to Sovereign Military
Conflict, the Aerospace regression yields a small, marginally significant coefficient of the wrong sign. That may reflect the
ambiguous nature of Aerospace firms’ responses to military conflict: (relatively) good news for defense-oriented aerospace firms
may, at the same time, be bad for aerospace firms oriented toward civilian customers. If we set Tri=1 for Aerospace in jumps
attributed to Sovereign Military Conflict, the anomalous Aerospace result disappears, and the Pooled Sample results get stronger.
*** p<0.01, ** p<0.05, * p<0.1 57




Table A3: Comparison to the Cutler, Poterba and Summers Characterization of the
50 Largest Daily Moves in the S&P Stock Index from 1946 to 1987

Primary or secondary Primary category Observations
category agreement agreement

New York Times

High clarity 81% 75% 32

Low clarity 43% 38% 18
Total 67% 62% 50

Wall Street Journal

High clarity 64% 55% 32

Low clarity 48% 37% 18
Total 58% 48% 50

Notes: Cutler, Poterba and Summers (CPS) attribute a “cause” to the 50 largest U.S. stock market jumps from 1946 to 1987 based on
coverage in the New York Times. See their Table 4. For each jump, we map their description of the cause to a primary category and,
sometimes, a secondary category, according to our classification scheme. We then compare the resulting CPS classifications to our
classification as follows: For any given coding of the jump in question, we set “Primary category agreement: to 1 if the CPS primary category
matches ours, and 0 otherwise. We set “Primary or secondary category agreement” to 1 if there is any overlap between the CPS primary and
secondary categories and our primary and secondary categories, and 0 otherwise. We then average over all codings for the jump in question
to obtain an average agreement rate (over codings) per jump. Lastly, we average over jumps to obtain the entries reported in the table. "High”
and “Low” clarity jumps have Clarity values greater or less than 0, respectively.
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Table A4: Policy-Share by Jump Size and Period, US

US Rest of the World
, 1900-1979 1980-2020 1980-2020
Absolute Jump Size . , . . » :
Positive Negative Positive Negative Positive Negative

'Thresh, Thresh+0.5%) 41% 31% 35% 20% 32% 21%
Thresh+0.5%, Thresh+1%) 41% 34% 38% 12% 42% 22%

' Thresh+1%,Thresh+1.5%) 40% 42% 46% 34% 29% 22%
Thresh+1.5% or Larger 48% 40% 55% 19% 47% 24%
All 45% 33% 43% 20% 41% 23%
p-Value 0.01 0.00 0.00

Total 802 350 3,664

Notes: Positive (Negative) columns are share of positive (negative) jumps attributed to policy categories. For rest of the world, we exclude jumps
attributed to Unknown or No Article Found when computing the totals. p-Value is from a t-Test that share of policy-share is the same among positive

and negative jumps. US data 1900-2020.
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Table A5: Policy-Share by Jump Size, Period and Category, US

1900-1979 1980-2020 Post-1980
Positive Negative Positive Negative Return Shift p-Value
Policy 161 152 71 36 0.023 0.000
Sovereign Military & Security Actions 33 65 5 6 0.011 0.401
Monetary Policy & Central Banking 31 16 29 9 0.014 0.152
Government Spending 36 12 19 10 -0.009 0.498
Regulation 21 25 2 1 0.004 0.888
Taxes 7 9 4 0 0.042 0.007
All Other Policy 33 26 11 9 0.005 0.693
Non Policy 136 187 76 132 -0.024 0.000
Macroeconomic News & Outlook 68 79 43 79 -0.026 0.000
Corporate Earnings & Outlook 33 44 23 26 0.003 0.786
Commodities 24 34 2 4 -0.017 0.435
All Other Non-Policy 11 29 9 22 0.000 0.995

Notes: Results shown for most common policy and non-policy categories. The final two columns are the from the coefficient d in the regression:
return, = a + b category, + ¢ 1,,580 + d category, X1,,450 + e US data, 1900-2020.
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Table A6: Breakdown of Policy Jumps by Country

Non-Policy Monetary Policy = Government Spending All Policy
Negative Positive Negative Positive Negative Positive Negative  Positive

Australia 84 42 4 9 5 15 15 30
Canada 206 135 24 28 9 15 45 51
China 118 107 14 7 0 0 58 63
Germany 198 131 15 27 7 14 46 65
Greece 54 34 6 11 10 22 29 42
Hong Kong 87 56 8 22 5 4 23 43
Ireland 148 106 8 16 7 7 42 56
Japan 133 94 6 17 7 15 35 61
South Korea 144 128 5 12 0 5 36 64
New Zealand 33 16 0 1 0 1 0 2
Saudi Arabia 151 96 0 1 0 2 16 22
Singapore 145 113 12 16 3 12 28 39
South Africa 165 121 10 20 5 13 32 54
Spain 216 160 24 55 26 39 92 124
UK 240 191 27 44 18 29 100 125
All 2,121 1,530 161 287 102 193 596 839

Notes: Positive (Negative) columns are share of positive (negative) jumps attributed to policy categories. Data from 1980-2§20.



Table A7: How the likelihood of positive and negative jumps attributed to

monetary and fiscal policy vary with recent market performance

Positive Monetary Posttive Fiscal

(D 2) €)) 4 ) (6)

Cumulative Return Past 66 Trading Days -0.0473* -0.0271 -0.201** -0.0880*** -0.0647* -0.170%**
(0.026)  (0.028)  (0.099) (0.034) (0.038)  (0.063)

Observations 1,043 603 440 1,043 603 440

R-squared 0.005 0.01 0.01 0.032 0.018 0.057

Sample: All Pre-War Post-War All Pre-War Post-War
Negative Monetary Negative Fiscal

) ®) ©) (10) (1) (12)

Cumulative Return Past 66 Trading Days 0.0701*** 0.0557** 0.207** -0.0205 -0.0336  0.0136
(0.021)  (0.022)  (0.086)  (0.028) (0.031)  (0.040)

Observations 1,043 603 440 1,043 603 440
R-squared 0.021 0.02 0.038 0.019 0.03 0.015
Sample: All Pre-War Post-War All Pre-War Post-War

Notes: For columns 1-3, the dependent variable equals monetary policy, if return, >0, and zero
otherwise. For columns 4-6, the dependent variable equals fiscal policy, if return, >0, and zero
otherwise. Fiscal policy is defined as the sum of government spending and tax policy. The sample is all US
jump days, 1900-2020. Cumulative return past 66 trading days is the cumulative log return on the broad US
market index over the preceding 66 trading days. All specifications include HAR controls: volatility over the
past day, week, month and quarter. Pre-war data run from 1900 to 1937, and postwar data run from 1946 to
2020.
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Table A8: Clarity Persistence, US, 1900-2020

LHS: Clarity of Jump at t (All Years) x 100

Clarity of Last Jump 0.237*** 0.181*** 0.132%*** 0.133*** 0.113*** 0.117*** 0.114***
(0.0320) (0.0438) (0.0311) (0.0308) (0.0314) (0.0312) (0.0390)
Return of Last Jump (Positive) -404 .3*** -306.0** -286.7**
(121.5) (134.3) (136.3)
Return of Last Jump (Abs, Negative) -475.9%** -403.6%** -397.8%**
(115.1) (126.8) (127.0)
Volatility last day -846.9 -814.2 -621.8
(1103.0) (1043.0) (1021.0)
Volatility last week -668.4 -378.3 -328.1
(570.3) (581.6) (582.3)
Volatility last month -135.2 -124 -78.35
(203.3) (202.2) (208.0)
In(Time Since Last Jump) 1.641
(1.4)
In(Time Since Last Jump) x Clarity 0.0592
(1.2)
Observations 1,151 1,151 1,151 1,151 1,149 1,149 1,149
R-squared 0.222 0.256 0.62 0.625 0.625 0.628 0.629
Specification Add Cat. Of Last ~ Add Cat of Return/Har  In(Time since last
Return Controls  Har Controls )
Jump Current Jump controls jump)

Notes: Regressions, where the left-hand-side is the clarity of a jump on date t (multiplied by 100), and the right hand side was the clarity of the
last jump chronologically. The first column has a linear time trend, a postwar dummy variable, and an interaction term between the postwar
dummy and the time trend. The second column adds the category of the last jump, while the third column adds the category of the current jump
— as long as neither of these categories are unknown. The fourth column adds controls for the return of the last jump, while the fifth column has
HAR controls, all relative to the last jump (last 1-day, 1-week and 1-month volatility). The sixth column has both the past return and HAR

controls. The 7t column controls for the log of time since the last jump (in days) and interacts this with the clarity of the IastjumpGéJS data,
1900-2020. Robust standard errors in parenthesis. *** p<0.01, ** p<0.05, * p<0.1



Table A9: Volatility Following Policy and Non-Policy Jumps, US, 22-day

Next 22 Days Next 5 Days
3) (5) (6)
Policy
Non-Policy
Commodities 6.9547%%* 0.185%** 2 489*
(1.210) (2.219)  (1.442)
. Corporate Earnings
_Pol
Non-Policy 3710k 3.870%**  -0.0762
(0.797) (1358)  (0.871)
M
acro News 4.880% 5.965%%* 1393
(0.789) (1.140)  (0.963)
M Poli
onetary Folicy 2.187H%+ L7725+ _] 9Q0***
(0.636) (0.662)  (0.602)
Policy Fiscal Policy 6.591 %% 7.209%%%  (.983
(1.559) (1919)  (1.253)
Sovereign Military 1,538 3.266%%% 027
(0.391) 0.871)  (0.786)
Obs 32.775 32,753 32,753
R-Squared 0.117 0107 0312
Return Controls NO NO YES
HAR Controls NO NO YES
F-Test for joint equality of coefs. 4.94E-05 0.0147 5.04E-05 0.00807

Notes: Columns 1-4 represent regressions, where
the left-hand-side is the average percentage squared
return in the 22 days following the jump. In columns
5-6, the left-hand-side is the average percentage
squared return in the 5 days following the jump. US
data, 1900-2020. There are only dummy variables for
the jump categories shown, as well as a residual
category which includes all the non-enumerated
categories. Fiscal policy includes government
spending and taxes. Enumerated categories
represent the categories with the highest number of
jumps by policy/non-policy groups. Columns 1-4:
Newey-West standard errors with 33 lags. Columns
1-4: Newey-West standard errors with 8 lags.

*** p<0.01, ** p<0.05, * p<0.1
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Avg. Codings Per Day

Figure A10: Average Number of Codings and Newspapers
per Day by Year for U.S. Stock Market Jumps, 1900 to 2020
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Notes: Shows average
number of coders and
newspaper per day, with
the circle areas
proportional to the number
of jumps in that year. Data
from 1900 to 2020.
Increase in papers per day
is coming from adding the
Financial Times and the
Houston Chronicle later in
our sample.
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Upward Jumps

Downward Jumps
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Figure A11: UK Jumps by Year, 1930-2020
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Notes: Each bar is the
number of positive or
negative jJumps in that
year. Shadings indicate
the number of jumps
triggered by “Policy”,
“Non-Policy” and
“‘Unknown” news.
Unknown includes “no
article found”. Data
from 1930-2020.
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Figure A12: Geographic Source of UK Jumps by Year, 1930-2020
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Figure A13: Policy News Also Triggers a Larger Share of Positive than Negative Jumps,
Especially After 1980, in U.K. Data from 1930 to 2020
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Notes: Each plot is a binscatter
(n=20) of jump-level policy scores
against jump-day stock returns, where
the policy score is the fraction of the
jump’s codings attributed to policy-
related news. For each sub-period, we
regress jump-level policy scores on
jump-day returns and report the t-
statistic on the return variable. For
jump days only, we also run the
following regression,

policy,

= a+ breturn; + ¢ 1,550

+ d return; X1post0 + €4
and report the coefficient on the
interaction term d, and its t-statistic at
the bottom of the figure.
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Figure A14: Policy News Also Triggers a Larger Share of Positive than Negative Jumps from
1980 to 2020 in 14 Other Countries (Excluding the U.S. and U.K.)

O — Notes: The chart shows a binscatter
(n=20) of jump-level policy scores on
jump-day stock returns from 1980 to
2020 for 14 countries (excluding the
United States and the United
Kingdom). The policy score is the

[ fraction of the jump’s codings
attributed to policy-related news. The
) slope and standard error are from a

Slope. 1.86 [ 1 39] regression of jump-level policy scores

on a constant and jump-level returns.
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Figure A15: Stock Market Volatility after Jumps Attributed to Macro News, Monetary Policy

News, and All Other Types of News in U.S. Data from 1900 to 2020
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Notes: Volatility is the average
squared percentage return over
the next n days after a jump day.
To construct the plots, we
regress volatility on jump-type
indicators (Monetary, Macro, All
Other) and include controls for
the jump-day return, split into
positive and negative
components, and volatility over
the day, week and month prior to
the jump day (HAR controls). The
95 percent confidence intervals
reflect Newey-West standard
errors with lags equal to 1.5
times n.
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Figure A16: Volatility after Positive and Negative Jumps, Jumps Attributed to
Monetary Policy and All Other News Compared, U.S. Data from 1900 to 2020
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Notes: Volatility is the average
squared percentage return over
the next n days after a jump
day. To construct the plots, we
regress volatility on four jump-
type indicators (positive and
negative jumps attributed to
Monetary Policy, and positive
and negative jumps attributed to
“All Other” news) and include
controls for volatility over the
day, week and month prior to
the jump day (HAR controls).
The 95 percent confidence
intervals reflect Newey-West
standard errors with lags errors
with lags equal to 1.5 times n.
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Figure A17: Volatility after Jumps during Recessions and Expansions, Jumps Attributed
to Monetary Policy and All Other News Compared, U.S. Data from 1900 to 2020
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Notes: Volatility is the
average squared percentage
return over the next n days
after a jump day. To construct
the plots, we split the sample
of jump days into recession
and expansion periods. For
each subsample, we regress
we regress volatility on jump-
type indicators for Monetary
Policy and All Other and
include controls for the jump-
day return, split into positive
and negative components,
and volatility over the day,
week and month prior to the
jump day (HAR controls). The
95 percent confidence
intervals reflect OLS standard
errors.
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Figure A18: Clarity Index Components Over Time, UK Data, 1930 to 2020
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Notes: Each red line shows a
LOWESS-smoothed fit to the data,
with a bandwidth set to 20 percent of
the data. Pairwise Agreement is the
average pairwise agreement rate in
the codings for a given jump. Ease of
Coding is rated on a 1-3 scale, with 3
being the easiest. Journalist
Confidence is rated on a 1-3 scale,
with 3 being the most confident.
Share Unknown is the percentage of
codings for a given jump coded as
“Unknown or No Explanation
Offered.”
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Figure A19: Clarity Index Over Time, UK Data from 1930 to 2020
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Notes: Clarity is the sum of Ease
of Coding, Journalist Confidence,
Pairwise Agreement Rate, and the
share of codings attributed to
“Unknown or No Explanation
Offered” (multiplied by -1) after
each component is scaled to zero
mean and unit standard deviation
one. Clarity is also scaled to have
zero mean and unit standard
deviation. The red line shows a
LOWESS-smoothed fit to the
clarity data, with a bandwidth set to
20 percent of the data. See the
notes to Figure A17 for a
description of each Clarity
component.
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Figure A20: News about the United States Triggers a Large Share of National Stock Market
Jumps in Other Countries, a Pattern that Does Not Hold for Europe
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